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2 Paper Reading

2.1 ADVERSARIAL EXAMPLES IN THE PHYSICAL WORLD (Work-
shop track - ICLR 2017)
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2.2 Intriguing properties of neural networks (L-BFGS)
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Figure 1: #2

2.3 One Pixel Attack for Fooling Deep Neural Networks
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2.4 DeepFool: a simple and accurate method to fool deep neural networks
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Algorithm 1 DeepFool for binary classifiers
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input: Image x, classifier f.

output: Perturbation 7.

Initialize ;) «+ x, 7 < 0.

while sign( f(x,)) = sign(f(xg)) do
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end while

returnr = ), 7.

Figure 3: #4



